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Abstract

Nowadays, with the rapid advances in information communication technologies ,
Our life are filled with information from internet, instant messaging software, and
social networking applications, such us Facebook, WeChat , LINE ...etc. Most of these
applications or websites need users to provide their head shot photograph as important
personal information. However, not every user wants to show them real private pictures.

Morphing is a computer graphics technique used to change one image into another
through a seamless transition. In this research, we propose to design a user-friendly
facial-morphing system for users to produce unique Head shots by using their head shot
and pet pictures. Moreover, this system can not only help protecting the personal
information security but also enable users to create more interesting images for

representing themselves.

Key words : OpenCV - Facial-Morphing System ~ Computer Graphics ~ Morphing
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2.1 Morphing
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2.1.1 Mesh warping
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2.1.3 Beier&Neely (SIGGRAPH 1992) Feature-Based Image Metamorphosis
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2.2 Animal special make up
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2.3 OpenCV
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2.4 Face Detection
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3.3 Morphing
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Beier&Neely e§ ¥ & 4T

3.3.1 Warping Pseudo code

Warplmage(Sourcelmage, L'...], L[...])
begin
foreach destination pixel X do
XSum = (0,0)
WeightSum =0
foreach line L[i] in destination do
X'[i]= X transformed by (L[i],L'[i])
weight[i] = weight assigned to X'[i]
XSum = Xsum + X'[i] * weight[i]
WeightSum += weight[i]
end
X' = XSum/WeightSum
Destinationlmage(X) = Sourcelmage(X")
end
return Destination
end

3.3.2  Morphing Pseudo code

GenerateAnimation(Image, L [...].Image . L [...])
begin
foreach intermediate frame time t do
for i=1 to number of line-pairs do
L[i] = line t-th of the way from L [i] to L [i].
end
Warp = WarpImage( Image , L [...], L[...])
Warp, = WarpImage( Image , L [...], L[...])
foreach pixel p in Finallmage do
Finallmage(p) = (1-t) Warp (p) + t Warp (p)
end
end
end
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